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Abstract

As a powerful interdisciplinary approact, social network analysis provides an efjicient tool for examining
communication structures and patterns i different socreties, including scientific socreties. 1his article
ntrodices the basic concepts, history, and nature of social network analysis, and then describes the macro and
micro indicators of this analysis. Next, the application and importance of social network analysis in the study
of researchers’ scientyfic co-authorship networks will be focused on. 7his analysis allows for the identification
of hidden collaboration patterns, identification of key researchers and institutions, assessment of knowledge

Jlow, and measurement of the colierence and development of scientific networks. Also, the methodology of co-
authorsthp network analysis and common software in tis jield are reviewed. The ultimate goal of this article
Is fo provide a comprehensive view of the potential of social network analysis jor strategic research planning
and scientific capacity development.

Keywords: social network analysis, co-authorship network, scientometrics, scientific collaboration, network indica-
tors, knowledge flow, key researchers.
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